Vis #1

https://v.youku.com/v show/id XNDQzNjQ1ODk5Ng



https://v.youku.com/v_show/id_XNDQzNjQ1ODk5Ng
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Chord
Diagram

A chord diagram is
used to visualize

inter-relationships e
between different
groups.

Huawei
The values of the
groups or entities are "

organized in a circle,
and the relationships
between them are
created and shown
with curves of
different colors.
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This circle shows how the
respondents are currently divided
between the brands
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Now we're going to look at how these

respondents flowed from their -
previous phone to their present one lg
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Therefore, the chord is the color of

Samsung blue, since Samsung has

the net gain from the exchange of
people between Nokia and Samsung
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You can also envision this as a - 0%
chord beginning and ending on i _
- itself \ [

https://www.visualcinnamon.com/2014/12/using-data-storytelling-with-chord.ht



https://www.visualcinnamon.com/2014/12/using-data-storytelling-with-chord.html
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Vis #3

https://www.youtube.com/watch?v=KKsloC6hRQo



https://www.youtube.com/watch?v=KKsloC6hRQo

Tax Rates of U.S. Companies

CAl Haorui, 20616752



Source & Data

URL:

Data Source: S&P Capital IQ (on 500 companies in U.S.).
Time: From 2007 to 2012


https://archive.nytimes.com/www.nytimes.com/interactive/2013/05/25/sunday-review/corporate-taxes.html

The effective tax rates of U.S. companies (Overall)
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The effective tax rates of U.S. companies (Industry)

OV
2%

Utitities m o o ® o o O

Uniities Derafted from the 2009 stimuius
L which Included tax breaks for
COMPanies that maks capital-intensive
investments, ke power plants. 71%

R se 1@ o ¢
Technology companies can often move
Operations Overseas for accounting
purposes. And younger firms tend 1o have
rocent losses, holding down the sector's 24%
overal rate,
industrials @ o" WO@«'@@& . o s
As with the corporate sector, arge
industrial companies — ke Boeing.

Caterpillar, Gerwral Eloctric and
Honeywell — pay lower taxes on average 26%

then smal companes
O

—1 Verkzon had 8 much ower offective tax
rite than ity rivil AT&T, despite Paving
similar profits over the six-yoar period.
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The effective tax rates of U.S. companies (Industry)

Pharma o z"@OTO o o @ :

Tax Dreaks 1or reseanch and the ability 1o
locate operstions In low-1ax countries
have Paloed pharmacauticsl and biotech
companies to pay low taxos.

Health care o cogd o ”000%4 ogoc63 0 o - s

Within health care, managed care
companies pay relatively Ngher tax rates, Lorillard, Inc.
and makers of equipment, supplies and
tochnology pay relatively lower ratos.

average. Soft-drink companies pay only 19
PrCaNt, and restiran! companies, 25
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The effective tax rates of U.S. companies (Industry)
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crisls, some have pald rolatively Migh tax
rates

IM%
Retailers O o ob%@’o ¢ o

Brick-and-mortar retalers, ke Bed Bath
& Beyond and Home Depot, end 10 pay
high tax rates. Onfine retallers, Ike
Amazon, ‘ace low rates,

Energy %+ o0 00 : "‘00000% -@m o © 0* Q

Large ol companies typically pay high
rates, Dut SOMe eCoNOMists argue that the
high rates do not cover the poliution costs
Imposad on society.

Insurance . 0“000008 ° o0 .

Many insurers pay lower -than-average
rates. But ALG. — which had an $83
billon loss while paying $8 bition In taxes

5%




Advantages

Interactive

You can get the exact information (the actual tax, effective tax rate and the
earnings) of a specific company by hovering your mouse over these bubbles.

Intuitive

The location and size of the bubble directly shows the actual tax paying situation of
US companies.

Instructive

Tell us how serious the differences in tax paying between industries and
companies.

Guide the government on how to effectively adjust tax policies.
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Vis #4

https://www.youtube.com/watch?v=4lKYt3M7V-8



https://www.youtube.com/watch?v=4lKYt3M7V-8

Top Visualization Competition
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Shot Distribution Chart <

1
- Size of dot : shot frequency
- Different colour range from blue to red : shot potency

- Example : show significant differences between Dirk Nowitzki and Ray Allen

SHOT FREQUENCY SHOT FREQUENCY

AL G I

SHOT POTENCY SHOT POTENCY
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high

DIRK NOWITZKI RAY ALLEN




Shot Distribution Chart <

MANUIGINO©BI8

- designed by Kirk Goldsberry
- Green dots : makes

- Transparent dots with red border :
NISNES
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3
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- Examples : shows the career shot

distribution of Manu Ginobili
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4 584 FIELD GOALS MADE 4X NBA CHAMPION

14,043 CAREER POINTS EUROLEAGUE CHAMP
1,392 CAREER STEALS GOLD MEDALIST




Shooting heat map '(‘

n, James during the 2018-19 Reqular Season

\
14/25 21/50

0.0 42 0

LA41.2

/ DST 1.3%

- Different colour : different level of hit
rate
» The number of shots in different area are

presented on the chart

- Examples : shows the performance of
109/276 106/3
30.5% James Harden during the last season
DST 14.5
LA - League Average
DST - Distribution NBA.com/Stats

FG% vs League A







VIS #5

https://www.youtube.com/watch?v=r5aoQNcexDA



https://www.youtube.com/watch?v=r5aoQNcexDA

Moment Chan



Travel Visa Inequality

Blue -> Advantage

Red -> Disadvantage

Iravel Visa

Inequality




Travel Visa

Let's

Explore

Inequality (China)

Blue -> Advantage

(Visa not required from
China to Morocco)
(Visa required from
Morocco to China)

Red -> Disadvantage
(Visa not required from
China to Japan)

(Visa required from
Japan to China)



Travelling from China

Five Level:

Visa not required
Visa On arrival
ETA required
eVisa required
Visa required
Admission refused



Travelling to China

Five Level:

*  Visa not required
* Visa On arrival

* ETArequired

* eVisarequired

* Visarequired

*  Admission refused



Travel Visa Inequality (USA)

~ ¥4 .




Travel Visa Inequality (USA)
Ranking

WO T 'l Inequaity Score . Malaysia

Total 62 (32%) Countries

United States NOrtHh America _
Canada NOTh Amenica —
New Zeatand Oceoris ' —
- | o —
United Arab Emirates A% . _
Saudi Arabia Asla _
MECO NOITh APYenica l —
Fussis Europe _



Vis #6

https://youtu.be/p1GBFRepUNI



https://youtu.be/p1GBFRepUNI

An Analysis of the
Beatles?

* Yik Hei Navie Chan

® 20047652



AN ANALYSIS of the BEATLES? ]

The Beatles released a total of 310 songs as group. Of those 235 were written by one or more Beatle.
This analysis focuses on the time between 1964 and 1970 when the Beatles released 18 albums &
175 songs. Within that span they had 52 top 100 hits in the US and a1 #1 hits. Source: Wikipedia
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WHAT WERE THEIR BIGGEST HITS?
This list shows top 100 U.S. hits written by the Beatles excluding covers or albums after Let it Be.
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WHO WROTE MOST of THEIR SONGS?



WHAT WERE THEIR BIGGEST HITS?

This list shows top 100 US, hits written by the Beatles excluding covers or albums after Let it Be.

Hit So ! ! '
L 1064 : 1965 1966 . 1967 ‘ 1970
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WHO WROTE MOST of THEIR SONGS?

Lennon, McCartney or some combination wrote 86% of all Beatle's songs.

GO TN

LENNON & McCARTNEY LENNON HARRISON RINGO
McCARTNEY Paul by himself  John wrote the most  George wrote 24  Ringo wasn't a very
Torether Lennon & Wwrote 29% of all the  songs (31%) and  songs or 12% of the prolific songwriter

Al Songs =




WHAT WERE THEIR BIGGEST HITS?

This list shows top 100 U.S. hits written by the Beatles excluding covers or albums after Let it Be.

1064 1965 1066 1 1970
Us
Album

" *Magical Mystery Tour"™ was released in the US 1n 1967 and featured 6 top 100 hits.
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d

Billboard Rank
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WHO WROTE MOST of THEIR SONGS?
Lennon, McCartney or some combination wrote 86% of all Beatle's songs. - =
LENNON & McCARTNEY LENNON HARRISON RINGO

McCARTNEY Paul by himself  John wrote the most  George wrote 24  Ringo wasn't a very
Together Lennon & Wwrote 29% of all the songs (31%) and  songs or 12% of the prolific songwriter



WHAT WERE THEIR BIGGEST HITS?

This list shows top 100 US. hits written by the Beatles excluding covers or albums after Let it Be.

1064 1065 . 1966 L1967 | 1970
us
Album

"PS. I Love You" was written by Lennon & McCartney and peaked at 10 in the US. The song

......................

§ was released in the US in 1965 on The Early Beatles.
Z

fioo

WHO WROTE MOST of THEIR SONGS?

Lennon, McCartney or some combination wrote 86% of all Beatle's songs. Roe. T
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LENNON & McCARTNEY LENNON HARRISON RINGO
McCARTNEY Paul by himself  John wrote the most George wrote 24  Ringo wasn't a very

Tomathar T annan ©. Wwrote 20% of all the sones (1%) and sones ar 12% of the nrolific sonowriter



WHAT WERE THEIR BIGGEST HITS?

This list shows top 100 US, hits written by the Beatles excluding covers or albums after Let it Be.

| 1064 i 1965 19066 : 1967 1970
Us
Album
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WHO WROTE MOST of THEIR SONGS?
Lennon, McCartney or some combination wrote 86% of all Beatle's songs. e
~~
Lennon wrote 31% of the Beatles' songs or a total of 61 songs.
LENNON & McCARTNEY LENNON HARRISON KINGO

McCARTNEY Paul by himself  John wrote the most  George wrote 24  Ringo wasn't a very
Tocether T ennon & wrote 2% of all the  songs (11%) and  songs or 12% of the prolific songwriter



Impressive
Good use of color - Similar colors for

albums/songs to indicate the release dates.
Distinctive colours for artists

Curve and tree-stem-like lines to help viewers
to trace

Interaction - Hover an album, song or artist to
reveal related one-line summary. Highlight the
stem and grey out the others to help tracing

Base line at #1 - To helper viewers identify the
#1 songs

Simplified data - Only to show the top songs
within a pre-defined timeframe



SUUICC

®* https://public.tableau.com/profile/adam.e.mcca
nn#!/vizhome/BeatlesAnalysis/BeatlesAnalysis



Vis #/

https://youtu.be/ZpCWxx7792c



https://youtu.be/ZpCWxx77q2c

An lllustrated Guide to All
0,887 Deaths In
“Game of Thrones”

CHEN Chen
20619546

https://www.washingtonpost.com/graphics/entertainment/game-of-thrones/ ‘



Deaths by Season

“Valar Morghulis” — All Men Must Indeed Die

4,548

Show Every On-Screen Death Season 8
from “Game of Thrones,”

Including Who, When, How, Why

and Where in Every Season

Seasonl g

e 59




Season 1

59 Deaths
Protagonists

.....



Season 1

59 Deaths

Protagonists
#34 ROBERT BARATHEON

.....

.....
.....
.....
.....

© More Info

ICON

Method of Death. Hover
over Each ICON for
Details

Character Image/“More
Info” Button

Click on it to See More
Information on When, How,
Why and Where a Character
Was Killed



Season 1

59 Deaths

Protagonists
#34 ROBERT BARATHEON

Who, When, How, Why and
Where

Death #34

Alleglance: House Baratheon of King's When: Season 1, Epsode |
Landing

Where: King's Landing Killer: Boar

Method: Tusx Method category: Anma

Reason: Hunted the boar while drunk



Season 1
59 Deaths
Supporting Characters

®©e®

Avatar ICON

Click on it to See More

Information on How, Why and
k Where a Character Was Killed
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Season 1

59 Deaths
Soldiers/Animals
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.....
.....
.....
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The Deadliest
Locations
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Weoermen
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The Deadliest
Locations
Shown on Map




The Deadliest Weapon Categories
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The Deadliest Battles
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The Deadliest Killers
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THANKS

CHEN Chen




Vis #8

https://youtu.be/ilbPhUIFfok



https://youtu.be/iIbPhUIFfok

PI)¥hat people eatIPI))

Chen Mo -20633437

Visualization fromhttp://sketches.christianlaesser.com/2014-12-29-what-people-eat/



http://sketches.christianlaesser.com/2014-12-29-what-people-eat/
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S>> 52 > Data description
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sugar

fat

meat

fish and aquatic animals
dairy and eggs

grains beans and nuts
fruits

vegetables

others

OVE RVIEW\

The calories people
eat per day in 179
countries or districts.

Containing 9

/

attributes
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>>>2>>P Encoding

scheme

L

Turkey

sugar
fat
. meat
‘ fish and aquatic animals
dairy and eggs
Somaliagl grains beans and nuts
fruits

l vegetables
others

~

Size: total calories

Color: different categories

Arc length: proportion

Letter in bar chart: countries or districts

/




Evaluation
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>>>2>>2 Why impressive?

Zoom in to get
precise value

‘ 1 fat '

Expressive and effective
magnitude channels to
display ordered attributes
--- Size/Length

Interactive---filter what
users are interested in

sugar

fat

- meat
fish and aquatic animals
dairy and eggs
grains beans and nuts
fruits
vegetables

@ . others %

order by~ P,
| tolal kcals v @

sugar

fat

meat

fish and aquatic animals

dasry and eggs

grains beans and nuts

fruits

vegetables %
others @

Expressive and effective
identity channels to show
Categorical Attributes

--- Color hue(within 10)



Conclusion
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>>>>>>» Conclusion

Intuitive---clearly convey
%, info
%’% Comparative---pie chart size/order by



D)P)P THANKS FOR LISTENING! PP




Vis #9

https://youtu.be/ObejgZqGg6l



https://youtu.be/ObejgZqGg6I

A Day In the Life of Americans

——This is how America runs

MSBD 5005 Top VIS Competition
CHEN, Pengyao 20616714

The Hong Kong University of Science and Technology 09/11/2019



I Top VIS
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The Hong Kong University of Science and Technology 09/11/2019



Lunch hour
From noon to 1:00pm, you see a lot of movement from work or housework

to eating and drinking and then back again. Many also take the time to

Waking up
Between 6:30am and 7:30am, most people wake up, head into personal care
such as showering and brushing teeth, and then head to work, eat breakfast,
relax for a bit, and do housework. relax.
Religion Religion
Sports Volunteering Sports Volunteering
Leisure Phone Calls Leisure Phone Calls
Pro. Care Services Misc. Pro. Care Services \ Misc.
Shopping Sleeping Shepping Sleeping
Non-Household Care Personal Care Non-Household Care Personal Care
Household Care Eating & Drinking
Education

Eating & Drinking
Housework

Work

Household Care

\\={u|lb

=

Education

Housework
Work

ce and Technolog




I Top VIS

On an average day 4:30am-4:5%am this percentage of msales w Age 15 to 24 v Oid the activities below.
A 10—
" s e s an s s "ws L2 A s N
Sleeping

Bork and work-Related Activities
Socializing, Pelaxing, or Lelsere
Traveling

fating and Orinking

Mowaehold Activities

Other Activity

Peracnal Care

ports, Caercize, or Becreation
facation

More Calls

Shopping

Professional and Persoral Care Services
Religious and Spiriteal Activities
Caring Tor Son-Housebold Mesbers
volunteer Activities

Caring Tor Mousehold Meabers

G or Can't remenber
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The Hong Kong University of Science and Technology 09/11/2019



Thank You for Listening

——Voting for me please!

MSBD 5005 Top VIS Competition
CHEN, Pengyao 20616714

The Hong Kong University of Science and Technology 09/11/2019



Vis #10

https://youtu.be/a8xGJOL11bs



https://youtu.be/a8xGJ0L11bs

Profiles of a
Divided Country

Top Vis Competition
CHEN Ruifeng




Background

* YouGov, a pollster, asked 90,000 British adults late last year what they
thought about Brexit.
* The Economist built a demographic model using these data to calculate
an individual’s probable attitude to each of three possible Brexit options:
* no deal
* Mrs May’s deal

* remaining in the EU



Variables

Variable Description
sex female / male
age bucket age grouped into five buckets
Igbtq sexuality. straight; other
inc_bucket total gross household income
coded 1-5.
1 = no formal qualifications; 2 =
educ n secondary school; 3 = further
educ; 4 = graduate; 5 = post-
graduate
region6 region of GB, split six ways
tenure3 hou_sing tenure. own home
outright; mortgaged home; rent
ooli int_bucket E%Ii;ical interest: low; middling;




Overview
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Buid a British voter C randoveie

A woman - aged between gsand 59 - yearsold who is

straight “ . She has a houschold income of
£15k to £25k *, a vocational degree < and lives
in the South - in her rented - home.
She is moderately - engaged in politics, supported
Labour ~ in 2015 and Labour © againin
2017,
Likebhood of vetng
67% 16% 17%
Remain May's dea Nodeal

100




Profiles

o5

REMAIN 67% “9

QQ\'

l

o tell stories
-, \
A woman aged 45-59 years who is straight. She ;'
)
|

S
has a a vocational degree earns £15k to £25k and f"
lives in the South in her rented home. Moderately ' s
engaged in politics, and supported Labour in 2015 ".
and Labour again in 2017. '

- has a a vocational degree, earns £15k to £25k and
lives in the South in her rented home. Moderately

There are about 4,800 people like this in Britain,

50 & engaged in politics, and supported Labour in 2015
and Labour again in 2017.
There are about 4,800 people like this in Britain.
75 \
. &
| §
e




Analysis

A typical remain supporter

A man aged 36 with a university

.(. 3 .
- - "\‘. .%. .
..5".’ 4 ®
'": Q? -
.
"

degree who is straight. He has a
household income of £40,000 a year
and lives in the North in a mortgaged
home. Moderately interested in
politics, he voted Labour in 2015 and
2017.




Analysis

A typical deal supporter

A woman aged 63 with a secondary-
school education who is straight. She
has a household income of £20,000 a
year and lives in the Midlands in her
own home. Uninterested in politics,
she voted Conservative in 2015 and
2017.



Analysis

A typical no-deal supporter

A man aged 68 with a vocational
degree who is straight. He has a
household income of £30,000 a year
and lives in the South in his own home.
Very interested in politics, he voted
UKIP in 2015 and Conservative in
2017.



Thanks

Buid a British veter C fandirreie

A woman - aged between gsand 59 - yearsold who is

stratght - . She has a household income of
£15k to £25k *, a vocational degree and lives
in the South in her rented home.
She is moderately - engaged in politics, supported
Labour in 2015 and Labour again in
2017
Likebhood of vetng
67% 16° 17%
Remain M Nodea

10

https://www.economist.com/graphic-detail/2019/02/22/profiles-of-a-divided-country



Vis #11

https://youtu.be/8gHXPRilPgM



https://youtu.be/8qHXPRiIPgM
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My favorite Visualization: Solar Eclipse

@

Introduction
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Why do | like it



Introduction

» We can get this visualization finished in
2017 through this website:
https://www.washingtonpost.com/graphics/national/eclipse/

| was born in the year i e

year

* The author is Denise Lu.

» This Visualization shows every total solar
eclipse happening in your lifetime

* Input the year you were born, get the
visualization



Details

| was born in the year

1997

o]

1 yous vowwe Do b0 5997, vom aore (or will b} 20 this year, M vun live to be 100,
there will be $6 mote 1olal soler oclipees worldwide in your lifetine. Many will be
over Asla. Three will caly eclpee over water,
017 e IRl
¢ P —

.:h.‘f segmar T yse pal



Viewers could see more information about
total solar eclipse after the main visualization

30 purm of oty L) et ¥ pocre




Why I like it



Why | like it

Sooner @@ Later

The color it use Dynamic Geographic Display Time Encode
This Visualization only use orange and gray Display geographic information naturally Time encoded by pray-scale
Orange: 2017 echpse Drag the globe | could see the whole world
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| Flgures in the Sky

Ho.y culturs across the World have seen their myth and legepds mtho stars

Name : Shinjini Datta
ID : 20650057




Betelgeuse Betelgeuse







Thoro ore 28 cultiuros NCiucod N tThoso ONOySos oNd VWweuols. Espocaily for tho more
QNCIONE CURUNgs only O fow CONSLOOTIONS Org STl known 1000y, You Ccon re0d O ittle more

OOt 0OCH CURUING DY NOVONng over tho DIOCES 3 OIs0 PpOssDW 1O 3500 ov the
constoliantions of the cultire of ONCY IN the Sty MO cbove Dy Cicking oN O CUlture $ NOMa

Chaeso

P L o DU |

T e L XA 8

ey 2w svem ol me e

Koreon

SOt tovw W

Howokon (Stortnes) |

Dokota

Belkarusion

fgyption

Moon

Ojiowe

| Japoneseo (Moon Stotions)



No matter where vou are on | .1,'"l'. W &

lark nights. You might see a different section of

The data about the stars Gomes from the HYG star database.
The constellation data comes from Stellarium, a free and open
source planetarium + a lot of data ciooning preparation &
‘analysis to create this final piece.







Vis #13

https://youtu.be/I9jemdstkxI



https://youtu.be/l9jemdstkxI

Top Vis
A GREAT SHIP MAP IN 2012
FAN, Jiahao



https://www.shipmap.org/



https://www.shipmap.org/

Reference

https://IEw.shilap

http:// .cbdi®=o ig 16-1
1/07 /content_5371127.htm

nk
you!



https://www.shipmap.org/

Vis #14

https://youtu.be/z6gBBgscY0A



https://youtu.be/z6gBBqscY0A

A Day 1n the Life of Americans

This 1s how America runs.

o Name : GAN Yuanlin
o ID : 20617067

° Source : https://flowingdata.com/2015/12/15/a-day-in-the-life-of-americans/



https://flowingdata.com/2015/12/15/a-day-in-the-life-of-americans/

How do you spend your days?




Waking Up

Religion
Sports Volunteering
Leisure Phone Calls
Pro. Care Services Misc.
Shopping Sleeping
Non-Household Care Personal Care
Household Care " t«) Eating & Drinking
Housework Education

Work



Lunch Hour

Religion
Sports Volunteering
Leisure Phone Calls
Pro. Care Services Misc.
Shopping Sleeping
Non-Household Care Personal Care
Household Care '}~;~ Eating & Drinking
Housework Education

Work



Getting off Work

Religion
Sports Volunteering
Leisure Phone Calls
Pro. Care Services Misc.
Shopping Sleeping
Non-Household Care Personal Care
Household Care \%ﬁfagf‘ Eating & Drinking
Housework Education

Work



Winding Down

Sports

Leisure

Pro. Care Services

Shopping

Non-Household Care

Household Care

Housework

Volunteering

Phone Calls

Misc.

Sleeping

Personal Care

Eating & Drinking

Education



Vis #15

https://youtu.be/6b2GXCDmMbDS8



https://youtu.be/6b2GXCDmbD8
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GAO YUANYUAN ’ \\.



U.S. GUN DEATHS IN
2013

This is an animation, please see the Link:http


http://guns.periscopic.com/?year=2013
http://guns.periscopic.com/?year=2013

U.S. GUN DEATHS IN 2013

9 64 O Each line stands for a person who died because
STOLEN YEARS of gun
Dthe gray lines mean how many years a person
can live(prediction)
Obefore they died, the lines’ color is orange

Y

U.S. GUN DEATHS IN 2013

/]
. 184
O1n the beginning,lines appear one after STOLEN VEARS

another with an annotate at the dropping
point.

Oone dropping point means the death of a
life




US, GUNDEATHS IN 2013

By O many lines accelerate appear together
40/ 9 ’246 OEach additional line will make the number at
STOLEN AR the upper left corner increase one and also
make the number at the upper right increase

/ US. GUN DEATHS IN 2013

502,025
i . :i.‘). "'\’.‘v‘

.,..? I o 4 ’

STOLEN YEARS

O most of the dead are the young and i
middle-aged people =

. .».‘ St

Ce @ e B @ W MR A W w8



Why like this visaulization

OFirstly, this visualization uses each line stands for every single person, one dropping point
means the death of a life. It 1s novel and evokes people’s regret for the lost life, thus let
people deeply reflect on gun management.

O Secondly, the rhythm of this dynamic visualization is awesome.

O Lastly, this animation design effectively conveys the message.
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Vis #16

https://youtu.be/dvjVaZcRTzl



https://youtu.be/dvjVaZcRTzI

Top
Viz(Apollo
Viz)

GARDAS,Nuthan



APOLLO




20 JULY 1949
ONE SMALL STEP

Trajectories of 13 Missions(Earth) Trajectories of 8* Missions(Moon)




0 HOUSTON, WE'VE MAD A PROBLEM

LUNAR MODULES

A

SPIDER

INOOPY

TAGLE

’ ) AQUARIUS
APOLLO

orioN

©00000000 #

CHALLENGER

LANDING DRY RUN LUNAR LANDING EXTENDID LUNAR LAND

©) o ° ©) ° o

APOLLO 10 APOLLO 11 APOLLO 12 APOLLO 13 APOLLO 14 APOLLO 15
18 MAY 1969 16 JULY 19469 14 NOVEMBER 1969 11 APRIL 1970 31 JANUARY 1971 26 JULY 1971
STAFFORD ARMSTRONG CONRAD LOVELL SHEPARD scomn
YOUNG COLLINS CORDON swictar ROOSA WORDEN
CIRNAN ALDRIN BIAN MAISE MITCHELL IRWIN

List of Apollo Missions List of Lunar Modules on the




Vis #17/

https://youtu.be/6ZQnK1sVchw



https://youtu.be/6ZQnK1sVcnw

National Geographics:
A History ot Skis

Presented by: GU, Yimeng



A History of Skis
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Reference

* https://www.theguardian.com/artanddes
ign/gallery/2017/mar/01/national-geog
raphic—-infographics—taschen



Vis #13

https://youtu.be/LdkOLxDgV18



https://youtu.be/Ldk0LxDqV18
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Outlook

Introduction

Brief introduction of chosen data visualization

Main Encoding scheme

Attributes and encoding scheme

Other design

Other data visualization design




Dataset are sci€
researches on h
lifespan extends
shorten with val
factors.

Introduction of data

LIVE LONG-What really extends lifespan?

Live Long STRENGTH O SIENCE

. e o
What really extends lifespan? male / female specific 4} | Suggestive | Strong
-10 5 YEARS +5 +10 +15 +20
e
Sleep too niuch
i R i SEiC ovvrerer e Women with highest levels
of cynical hostility are 16%
i oot oot - o N T EE R T IO I Managers & those more likely to die earlier
with more professional
Livelin a city responsibility live longer
than those with more
Live in the country routine’ work
Eatlesefood . = Seen 10-20% lifespan boost
in rats & monkeys...not yet
Men who spend a lot i Have a long-lived maternal grandfather proved in humans
of time with women in
their formative years «vvvveiinn, i Hang out with women - a lot!
Includes reliability, «rrerersrreren Be conscientious
non-impulsivity &
being neat & orderly i Have more orgasms e Shoot for 350 a year!
With close friends 1 Loneliness equivalent
to smoking 18 cisarettes




Live Long STRENGTH OF SCIENCE

What really extends lifespan? male / femalgan

" _——Encoding scheme

" LIVE-LONG-What really extends lifespan?

1 | Get promot Managers & those Q< Tkely 10 Gie Sarlier
with more professional

L\_ responsibiity ive longer
than those with more

‘routine’ work

- Seen 10-20% lifgpan boost
in rats & monkeys{got yet
proved in humans

reducing extending

++- Shoot for 350 a year!

£ who spend a lot | Hove
time with women in
their formaive years

Includes reliabilty,
non-impulsivity &
being neat & orderly ' ave more orgasms

With cle end Lonel lent
to smoking 15 cigarettes
Men with more s+ R | ) n aday

than one wife live
129 longer

No matter how much
You exercise,sitting
too much raises your Cat owners are 30%
risk of death less ikely to have a
heart attack, especially
inthe elderly

Eat red me

When aged 30-49 years

Get health checks -

Poorer people di
years earlier than their
privileged peers

B 25 years shorter
life expectancy

25p emeking | G 10 years ggffed if you quit
age 25; sffears gained if
& Eat: realld you gyffbetween 45-50
Japanese-style gt

_ oviously, combine diet
& exercise

Fyour siblings are -+

probammt b oo Exercise mor s g g Extend or shorten ?
erivare secioe RS T —— Encoding with negative shows the distribution of year
j g < i positive horizontal bar lifespan extends or shorten

David McCandless Sources: Khaw KT (2008), Marmot M (2005), Kern et al (2008), Perlman RL (2008), BBC News, New York Times, c h a rt
. . 0 7 New Scientist, The Okinawa Program: How the World's Longest-Lived People Achieve Everlasting Health,
informationisbeautifulnet Datas bitly/IIB-Livelong



STRENGTH OF SCIENCE

Live Long

What really extends lifespan? male / fema

7~ Encoding scheme

Sleep too ni
[} bimistic N/
- LIV L
' <+ Managers & those more Tkely 10 Gie Sarlier
with more professional
Livgdl l responsibility ive longer
than those with more
! ur ‘routine’ work
Eat . Hfespan b
aed in rats & monkeys..not yet
Men who spend a lot | Hs randfather proved in humens
of time with women in s
their formative years ..+ o ' fa | "
Includes reliabilty, e ‘or
non-impulsivity & —
being neat & orderly ' { nor Shoot for 350 a year!
-
W th cle z Loneli lent
[ to smoking 15 cigarettes
Men with more --rsss:+ -f aday
than one wife live 5

129 longer

No matter how much
you exercise, sitting

too much raises your Cat owners are 30%
risk of death less likely to have
Eatrid e heart attack, especially
inthe elderly

Get health checks When aged 30-49 years

Poorer people di
25 years shorter years earlier than their
ivil
life expectancy ] privileged peers

| 10 years gained if you quit
| age 25 5 years gained if

& E you quit between 45-59

Japanese-style diets
- Obviously, combine diet

& exercise
I your siblings are «++ long-li
long:lived, you
probably will be too Exerci ! 150+ mins brisk walking
per weel
high altitude K\
(4
ULTIMATE RECIPE VORI utd ving sex-mad hippy party-girl in senior management with a cat
10 <5 YEARS +5 +10 +15 +20

Sources: Khaw KT (2008), Marmot M (2005), Kern et al (2008), Perlman RL (2008), BBC News, New York Times,
New Scientist, The Okinawa Program: How the World's Longest-Lived People Achieve Everlasting Health,
Data: bit.ly/IIB-Livelong

David McCandless
informationisbeautifulnet

G-What really extends lifespan?

T 4

male female

02

Male or female

Encoding with male and ‘ shows the gender identity in longevity
female icons to identify the

preference in gender in some

factors.



Live Long

What really extends lifespan?

10 5. YEARS
ST S e

Sleep too pflfEhl|

STRENGTH OF SCIENCE

male / femal

- Encoding scheme

LIVE:LONG-What really extends lifespan?

istic |-\
moreTely 16 Gie Sarier
ore professional
bilty live longer
with more
ur
Seen Iifespan b
in rats & monkeys...not yet
Men who spend a lot live proved in humans
of time with women in
their formative years { T !
Includes relability, entious
non-impulsivity &
being neat & orderly nor R ———— Shoot for 350 a year!
lent
to smoking 15 cigarettes.
Men with more. aday
than one wife live
129%longer
No matter how much
you exercise, sitting
too much raises your at owners are 30%
risk of death s likely to have a
art attack, especially
the elderly
Get health checks sidiiiisminitiiiisisisisid When aged 30-49 years

seisnicine 25 years shorter
H life expectancy

& Eat

Japanese-style diets

Poorer peopl
years earlier than their
privileged peers

10 dif you quit
age 25 5 years gained if
you quit between 45-59

hil +seesen- Obviously, combine diet

& exercise
1Fyour siblings are ++-vvsssssssnssssssssnisssesnns
long:lived, you
probably will be too 150+ mins brisk walking
[— per weel
] {b
IR ATYPS(RITALI Marricd happy-go-lucky outdoors-loving sex-mad hippy party-girl in senior management with a cat
10 5 YEARS +5 +10 5 +20

David McCandless
informationisbeautifulnet

Sources: Khaw KT (2008), Marmot M (2005), Kern et al (2008), Perlman RL (2008), BBC News, New York Times,
New Scientist, The Okinawa Program: How the World's Longest-Lived People Achieve Everlasting Health,
Data: bit.ly/IIB-Livelong

03

Strength of science

Encoding the degree of ‘
strength of science with
gradient of color

suggésﬁve

strong

Indicate the variance of factors’
scientific convincing degree.



Other design

LIVE LONG-What really extends lifespan?

1.It also shows an “ultimate recipe” for summarizing the beneficial factors shows above

I\

Married happy-go-lucky outdoors-loving sex-mad hippy party-girl in senior management with a cat

ULTIMATE RECIPE

2.1t adds some notation for understanding

Includes reliability,
non-impulsivity &
being neat & orderly

Men with more
than one wife live
12% longer

No matter how much
you exercise, sitting
teo much raises your
risk of death







Vis #19

https://youtu.be/nImhn6HhIOO



https://youtu.be/nImhn6HhlOo

#METOO




Encoding scheme

®

Colour: No. of likes Pattern: No. of comments

s Log. distance: No. of retweets Size: No. of followers
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17 October 2017

we will never end the harassment and abuse of
women, especially in the workplace, unkess we
speak out and stand together. #MeToo
@SenFeinstein

1.IM

T 14 ask 200



..to the stem of global politics
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Resources

http://www.metoomentum.com/trending.html



http://www.metoomentum.com/trending.html

Vis #20

https://youtu.be/xoNTzddzlJdc



https://youtu.be/xoNTzddzJdc

Weather Memories from 2017

Data Visualization

HUANG Mei
20658164




weather memories
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https://public.tableau.com/profile/ludovic.tavernier%23!/vizhome/weathermemories/weathermemories
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THANKS

For watching

HUANG Mei
20658164




Vis #21

https://youtu.be/Y6IFAXMOSNhE



https://youtu.be/Y6lF4XM0SnE

Huang Sikal



50 years of
China's space
journey

Top Vis Competition




50 years of China's space journey
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Vis #22

https://youtu.be/X1k4ehQidIA



https://youtu.be/X1k4ehOidIA

L.

Out of sight

( Out of mindj




(3 =

hello!

| am Alan Hul

01652410
You can find me at slhui@ust.hk



Qg Questio

Why drone strike?
How effective is the drone strike?



@

Start from overview



Since 2004, drone strikes have killed an estimated 3,341 people in Pakistan.

Less than 2% of the victims are high-profile targets.
The rest are civilians, children and alleged combatants.

D

SR

3,341 just a number
2% might be
surprising

But not stunning
enough...



@

then go day by day



Out of Sight, Out of Mind. . esvimareo vovac savassries 3341
ATTACKS VICTIMS NEWS INFO SHAR EN IR
weissi. e

2O X £ N
) {1/ A XA
A / o

AN\ SR
}\’ \l:\w\ | (

2006 1 2008 )| 2006 | 2007 |} :j'illluwl Ml) |

Zoom into Detail data

) Dby filtering the date




@

Another use

Infographics in News



W Sowntd (b Mewrwiogg Moz

Numbers are
important

But visual impact is
more stunning



@

Encoding



2004

Missile

One White line

11
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12

Rectangle shape
Number of shape
Color of the shape



Color

RED — Chrildren
Dark red - Civilian
White - High profile
Grey - Others

13



Visual impact

Density of missile tail
Speed of missile launch
Death of deadbody

14



{u

From this data visualization,
we clearly understand that
drone strike Is NOT efficient.

15



{u

True reasons are:

Removes risk of losing American
Military -> No news reporting

-> Keeps the world in the dark
-> Take conflict out of sight, out of
mind

16



Credits
X Out of sight, out of mind

X SCMP Infographics

17


https://drones.pitchinteractive.com/
https://multimedia.scmp.com/infographics/news/hong-kong/article/3027462/hong-kong-100-days-of-protests/index.html
https://multimedia.scmp.com/infographics/news/hong-kong/article/3027462/hong-kong-100-days-of-protests/index.html
https://multimedia.scmp.com/infographics/news/hong-kong/article/3027462/hong-kong-100-days-of-protests/index.html

thanks!

Any questions?



Vis #23

https://youtu.be/Uhs5kmdGGwA



https://youtu.be/Uhs5kmdGGwA

SELFIECITY VISUALIZATION

Name: Hu Yifei
SID: 20627763
Source: http://selfiecity.net/




NEW YORK

GENDER AND AGE PRO
FILES PER CITY

* Use histogram to do this visualization.

* The x-axis 1s age, and the y-axis 1s the number o

f the phOtOS . NEW YORK

* Above the x-axis 1s the data of women, below th
e x-axis 1s the data of men.

* Each point 1s a photo, when we put the mouse o
n this point, we can see the enlarged picture of t
his photo.




SMILE DISTRIBUTIONS BY GENDER AND CITY

* Also use histogram to do this v
1sualization.

* X-axis 1s mood and y-axis 1s nu
mber of the photos.

* We can see that people of Ban
gkok are more likely to smile w
hen take selfies than people in
New York, and women smile m
ore than men. . "



THE SELFIEXPLORATORY

* Do angry people tilt their heads mor .
¢ strongly?

* What 1s a characteristic mood for pe
ople in Moscow?

* Use the system on the right to find tt ‘x '
¢ answer. |




Vis #24

https://youtu.be/pvvZvLP qlY



https://youtu.be/pvvZvLP_qJY

On Their Way: the Journey of Foreign
Fighters

JIN Fenglei

Hong Kong University of Science and Technology




Howtoreadit

size of rhombus
Musim populstion < 30K
for each country

w13 et 2

yelow Ene
aMourt of PLENees
Ce— : A vertical distribution
bilack ine country’s overall
amourt of foreign fightors population
Name of the country leaving thesr country
color value
108 50M 100M >150M ratio of foregn fighters
20 Musiim popudation
darker Color Means mong
> o foretgn fghtors over
hortizontal distribution , the country’s Muslim
distance from destination in km population

BEST OF SHOW

----MALOFIEJ 25 AWARDS

STUDIO OF THE YEAR

----KANTAR IIB AWARDS 2017



Afghanistan
N\ Yemen

110

> Kazakbatan

Talkitan -

Kyrgyotan / 100 O
N : % / . » Su'm;riand
sorway ~ /
y Denmark Pindand
81 &\ o
125| <° 70|
' |
.
Luxembourg > Moatenegro

G

* Orange vs Black: high contrast
* High information density
* Practical significance



Thank You!



VIS #25

https://www.youtube.com/watch?v=IPLAjWS8cL-E



https://www.youtube.com/watch?v=IPLAjW8cL-E
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https://anvaka.github.io/pixchart/?d=4

INTRODUCTION - pixel chart

X A simple tool to decompose any picture into thousands
of pixel

X Not a fancy page with lots of interaction

X Wonderful animation
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https://anvaka.github.io/pixchart/?d=4
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https://anvaka.github.io/pixchart/?d=4

Group by

X Lightness
X Hue
X Saturation
X RGB

Group colors by Lightness (HSL.L) v

Lightness (HSL.L)

inial state

Hue (HSL.H)
Background

Saturation (HSL.S)

Statistics Red (RGB.R)

f(_‘" Y {1 {1
Click on a list item Green (RGB.G)
Lightness bucket
Blue (RGB.B)
55% ..5.7%
Mean (RGB)
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Statistics

Click on a list item below to filter.
Lightness bucket « Count

X Pixels are decomposed at 5.5% .. 5.7%
every 0.2% interval

5.1% .. 5.3%

.. 6.9%
X Pixel count for different
level

- 6.1%
. 4.5%

. 4.9%

X Understand more about
BB 0,0, the component of picture
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https://anvaka.github.io/pixchart/?d=4




Vis #26

https://youtu.be/Vuczgrp6MQM



https://youtu.be/Vuczgrp6MQM

MSBD 5005
Top Vis Competition

Name: Alan Yu Hsien Lai
SID: 20670083



Data Science in Bubble Tea

Boba Science_by Krist Wongsuphasawat

Question stated: with what drinking style can we finish boba and tea simultaneously?

In the below graph:
- , Blue, Black represents the level of Tea, Ice and Boba in the cup respectively
- x-axis: number of sips, y-axis: remaining volume

20 & &0 80

No. of sips

0

e
® tota


https://observablehq.com/@kristw/boba-science
https://observablehq.com/@kristw/boba-science

Why a Top Vis?

* Intuitive, easy to understand
* Meaningful color scheme

* Interactive & customized

* Feedback available

* Atrend, a culture, a daily life problem

Play around with your own drinking style!
Reference and credits to: https://observablehq.com/@ kristw/boba-science

Cup dimension

Top radius

475 cm

Bottom radius

3.75¢cm

Height
What you put in the cup

Tea volume

155c¢cm

450 em?
135 cm?

Ice volume

Boba volume
Boba radius

10 cm?

How you drink it

06 cm

Tea consumption -«

» 100 % of normal

100 % of normal

Boba consumption

fce melted per sip =

t=0 t=30

MSBD 5005 Top Vis Competition by Alan

t=60

2%

t=90

b -


https://observablehq.com/@kristw/boba-science

Vis #2/

https://youtu.be/t5rugQHsxzk



https://youtu.be/t5rugQHsxzk

Lal Wendi



World Resource Trade Data Vlsuallzatlon

ALl COUNTIES ALl COUNTIES ALl COMMROC
L 4’

Source: https://resourcetrade.earth/da

ta


https://resourcetrade.earth/data
https://resourcetrade.earth/data

AUSTRALIA

o

(

Austiala

Encoding scheme

* Red to blue represents exports to
imports, from narrow to wide makes
it like an arrow

* The width of the output of each line
represents the scale of the
resource

* Countries are directly represented
by the map

China

* Most of the resources export to
East Asia and Southeast Asia

* The largest import comes from
Australia



US

Most of the agricultural products
comes from Canada and Mexico
Most of their agricultural products
exports to China

Why it is impressive?

The world map provides us an intuitive
image of all the trades between
countries

We can directly find out those
countries who act as significant role in
the world trade

We can also focus on one country,
even one trade product, and analyze
their main companion clearly



Vis #28

https://youtu.be/3zXHgs6wbUU



https://youtu.be/3zXHqs6wbUU

GALAXY .
OF ‘" i
COVERS _ -

%" ——

By Tania Boa, llya Boyandin, | *
Mark Hintz, Jan Wachter, and '

Benjamin Wiederkehr & = .
L ) '%_—/



INSPIRATION j

Our most beloved songs have a
longer history than we might
think. They might exist in
hundreds of alternative versions

created by other artists in
distant decades.Those versions
can differ in character and style
and reach completely different
audiences.

2

INSPIRATION



most popular cover songs of all
time, Galaxy of Covers looked
closely at the 50 most popular

cover songs as well as the
original works.

— ABOUT the TASK —

TASK 3



4

[a)
=
|
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.|

POPULARITY TEMPO VALENCE
A measure of the The speed of the A measure of the
popularity of song song attitude of the song -

high valence means
a positive attitude,
and low means a

mage negative one

ENERGY SPEECHINESS
A measure of the A measure of how
energy and force of close the song is to

the music ordinary speech




Alworys on Ny Mind
o

PANORAMA
VIEW

The panorama view shows the 50 top
songs as individual planetary systems
with the original work as the sun.
Each planet represents a version of
the song and it’s appearance
indicates characteristics including
genre, popularity, tempo, valence,
energy, and speechiness. The radius
of its orbit around the sun shows the
years between the publication dates.
This view allows you to compare the
structure and density of the
constellation of different songs from a
high-level perspective.

)

PANORAMA VIEW



Tempo is encoded by
the speed of orbital
revolution.

Energy is
encoded by the
flicker
frequency of
orbit.

Adways on My Mnd

—® \alence is encoded by
the Orbital inclination, i.e
the angle between a
reference plane and the
o— orbital plane or axis of
direction of the orbiting
object.

Speechiness
is encoded
by the shape
of orbit.

Genre and popularity are
encoded by the color and the
size of orbit respectively.

6

PANORAMA VIEW



OO

DETAIL
VIEW

The detail view lists the versions
of one song in cross section. The
characteristics and positioning
of the planets is consistent with
the panorama. This view allows

you to compare di nt
versions of the s ng
individually.

Always on My Mind

SSmwulnmmda

<>

il h‘ i,

sON

7

DETAIL VIEW



THANKS

The original visualization is on:
https://galaxy-of-covers.interactivethings.io/

klauak@connect.ust.hk
2064 7191

f » in

8

9]
¥
=
<
=
s



https://galaxy-of-covers.interactivethings.io/

Vis #29

https://youtu.be/gMUZKB6GyXM



https://youtu.be/qMUZKB6GyXM

Lee Chi Yin
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Maritime Ports
in France in 1857
by Charles Joseph Minard

Lee Chi Yin - 20489288



o Multi-variate visualization in one
: . chart

» Actual tonnage
proportional to size of circle

. » Ratio b/w international and
°f,’ domestic traffic
-y ._ represented by blue/black
- & section of pie chart
- » Location

P "_ e / illustrated by the map



.. 45 Aim of the figurative map:

O Exhibit exact statistical results
- Size and pie is not good at
exhibiting exact measures

,. P Make relationship and
| "‘g:.., ' comparison quickly apparent to eye
. - Large port mainly handle
- international goods while small
J - .:.‘wf’. ports handle domestic goods

- Small ports located in clusters
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However, Pie chart Is excusable

* Not many possible classes in one chart
* When approximate values are good enough

* When we want to emphasize part-to-whole comparison but not
absolute valie

1400 -
1200 +
1000 <

VS &00 4




Vis #30

https://www.youtube.com/watch?v=zcV FK-Yriw



https://www.youtube.com/watch?v=zcV_FK-Yriw
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~ MSBD 5006
LEI QINYI
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Vis #31

https://www.youtube.com/watch?v=YSTod1FdNSI



https://www.youtube.com/watch?v=YSTod1FdNSI

Top Vis

\Nalysis of the Beatles

Leung Wai Han



aABLSA

WHAT WERE THEIR BIGGEST HITS?
Thes list shows top 100 ULS, hits written by the Beatles exchadiag covens o sltwans after Lef i Be

-t
e 1970

! J" J.:J‘:J‘J,JJJ‘ AT A1 TNy S Nﬁ.ﬁ‘-{‘
i R 4 HRIRIGIE
E A 144

https://public.tableau.com/en-us/gallery/beatles-analysis?tab=featured&topic=greatest-hits



https://public.tableau.com/en-us/gallery/beatles-analysis?tab=featured&topic=greatest-hits

Vis #32

https://youtu.be/42GmfYLp7sU



https://youtu.be/42GmfYLp7sU

WIND AND WORDS

-DIALOGUE VISUALIZATION OF GAME OF THRONES.

LI,
Jinjie




INTRODUCTION

* ‘Wind and Words’ is a data visualization of dialogue analysis of every episode
of Game of Thrones. It turns every spoken line from all six seasons of the
show into a unique interactive website that allows people to explore the
characters and the words they speak, their sentiment, and how they interact
with others.

» http://beta.wind-and-words.com/



http://beta.wind-and-words.com/

oy l—dn‘--‘--
l ' T .
. * |nteractive
Dialogue + Scroll
* Click
* Point

* Connect with line
* Clear to see the relationship

(‘..-n‘ .“\“

W &“Qv



Vocabulary : 3
2 « Popular used vo',c'.a.l.fg.glary
.,: » T, - -
_King, Love, God, City,
-

People



I l'-'-.- Sond 2 Sands
. g

Vocabulary

* Auto fill in searching

bast



| £S5 Nind 4 Sk
Ty .

Vocabulary

-

* Show the time of using and who uses the word

bastard

"'l

1)
/*.;



* Circle denotes the amount of dialogue

Sentiment

B oowd A L
(PO ——

AN
-




/.’.\ LT l‘-"o-

Data

g . * Number with
 Bar Chart

* Line Chart

ﬂl‘hm e

24.50 17.955

.........................................




THANKS FOR WATCHING!




Vis #33



Top Vis Competition
David Ling



50 Years of Change - LGBT civil rights
in U.S.

An U.S. map based visualization

" QOverview of how supportive the state law is to LGBT rights over
time

* Each state will be encoded in a color representing the
supportiveness

"= Below the map, there is a stacked bar chart which shows the
number of states which pass LGBT-related laws in a specific year



Demonstration



Color m  pEEEE

enCOding (Hover over cells for additional information) Chang
e year

Laws and stx 1s that define marniage,

Adoption

Housing

Hate Crimen

Hospital Visitation

Emplovment
Number of
states with
LGBT related
law




Vis #34

https://youtu.be/7Tm8B2mHRec



https://youtu.be/7Tm8B2mHRec

Travel Visa

20633102 LIU
Ran




-Introduction

* What is travel visa inequality?

* For example, if residents of country A do not need a visa to country B, and
residents of country B need a visa to country A, this is the inequality of travel
visa.

* Author
* Christian Laesser (German)

 Date

« Category: Visa requirements by nationality and linked Wikipedia articles. Scraped
on October 19, 2017.



* Map
Use world map to intuitive
display the situation in each
country

* Color
Blue - advantage
Red - disadvantage




High inequality score
North America
Oceania

Middle inequality score
Europe
Part of Asia

Low inequality score
Southeast Asia
East Africa










* Beautiful
The author used a harmonious color scheme to encode the data and

created this eye-catching masterpiece.

* Intuitive
With a glance, we can immediately understand the distribution of travel

visa inequalities in the world.

* Interactive
By clicking on a specific country, we can understand the relative merits of

this country and other countries on travel visa inequality.



K

Thanks for listening
Please vote for me




Vis #35

https://youtu.be/gT2YyPBk8cO



https://youtu.be/gT2YyPBk8c0




Background and
Encoding

OVERVIEW

Detail information
and illustration

AAL

Detail information
and illustration

~

Detail information

‘and illustration™

More Detail
Information
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THE WORST INCIDENTS OCCURRED IN CENTRAL MEDITERRANEAN, WHERE

JAN

1200

0 .
* DEAD

COUNTRY OF ORIGIN: GAMBIA, SYRIA, IVORY COAST, NIGERIA, MALI, SENEGAL, GUINEA,
NIGER, SOMALIA, ERITREA

NISIA

FEB

MAR

CENTRAL MEDITERRANEAN

APR

* MISSING

2.895 PEOPLE DIED OR ARE MISSING.

MAY

JUN

JuL

AUG

SEP
ocT

IONIAN
SEA

NOV

DEC

EASTERN MEDITERRANEAN

JAN

THE NUMBER OF INCIDENTS IN EASTERN MEDITERRANEAN INCREASED SINCE
AUGUST. ALMOST S00 PEOPLE DIED IN THE LAST FOUR MONTHS OF 2015.

MAR JUL

FEB

APR JUN

COUNTRY OF ORIGIN: SYRIA, IRAQ, AFGHANISTAN

NOV
DEC

D



More Detail Information
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Vis #36

https://youtu.be/AnKOROPIOfE



https://youtu.be/AnKOR0PiOfE

I I V |
[ | Where can
Germans travel
to?

TOP VIS COMPETITION ——
NAME : LIU YUNWEN



Target of this visualization

The visualization aims to show the difference between visa
travel policies of 194 countries. The inequality gets calculated
by comparing the travel policy of ‘Visa From A" and ‘Visa To A ".

» Visa From A (Visa policies for a citizen from A going abroad)
» Visa To A (Visa policies for a foreigner entering A)
» Travel Visa Inequality Score (‘Visa From’ -‘Visa To’)



Visa from and to Germany

Germany—— Other countries Other countries>

- > v

Attribute type: Categorical Encoding scheme: Color hue



Travel Visa Inequality

Encoding scheme:

» Diverging color scheme
(Disadvantages/Advantages

)

» Color saturation (the
absolute value of the score)




Travel Visa Inequality




Why impressive?

» Map visualization ( Intuitive , efficient and eye-catching)
» Harmonious color scheme

» Meaningful target: To raise awareness for existing inequalities
between different countries.







Vis #3/



Animal Visualization

Yigao Li
20660765
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I

M Critcally Endangered Population

W Endangered h oo
Vulnerable ﬂ‘ able or
Near Threatened DECREASING] " [ INCREASING

Least Concern

® The explaination of
nimals’ color

@®/ The direction of head
incidates the
population

ENDANGERED SAFARI

Yellow Baboon | s
Papio cynocephalus '
Population: stable "

B
Status: Least C \
atus: Least Concemn \ '

® The area of this
animal’s distribution
and its detail



Thank you




Vis #38

https://www.youtube.com/watch?v=QLdQd10BUDbI



https://www.youtube.com/watch?v=QLdQd1OBUbI
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0 rewl' :' u/dataseautiful - O - i ‘ é) p

4 :ﬁ r’datahbesstit
1%

4 |OC] My last 6 months as a cancer patient Qﬁ
oc . r/dataisbeautiful
<L
I 13.9m 3.3k Fet

———— Merrbery O~b=e I (
B 11 [

-_e [ PSR o— S
- - AOiace 1Or visud representat
EE

Lrasin, charts, maps, el Ja

4 shescrolls *

¥ 1was diagnosed withllymphomalin May of this year, and have just officially achieved remission. With the advent

of online health portals 1 thought it might be a welcome distraction to track some of my blood work and other
stats over the course of treatment.

Source: online medical records, personal expenence/journals

Tools: Excel, Tableau Public

B Reply Give Award Share Report Save
https://www.reddit.com/r/dataisbeautifu

4 Atlas_Brown | |/comments/dsObrk/oc _my last 6 months a
4 Speedy recovery mate! Nice infographic! S a cancer patient/



https://www.reddit.com/r/dataisbeautiful/comments/ds0brk/oc_my_last_6_months_as_a_cancer_patient/
https://www.reddit.com/r/dataisbeautiful/comments/ds0brk/oc_my_last_6_months_as_a_cancer_patient/
https://www.reddit.com/r/dataisbeautiful/comments/ds0brk/oc_my_last_6_months_as_a_cancer_patient/
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Vis #39

https://youtu.be/Tnz0bue 7vQ



https://youtu.be/Tnz0bue_7vQ

source: https://www.gapminder.org



Ten Reasons We're Wrong A'
the World - and Why Things:
Better Than You Think ‘

J 090,09,
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Source:
https://www.gapminder.org/tools/#$state$time$value=2018&delay:100;&marker$axis_x$domainMin:null
&domainMax:null&zoomedMin:null&zoomedMax:null&spaceRef:null;;;&chart-type=bubbles



Vis #40

https://youtu.be/m5PSMNMID4w



https://youtu.be/m5PSMNMID4w

THREAT CLOUD

Top Vis Competition - Lo Kok Kit (20547224)
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Features

Map View - Visualize Attack Path

69 Color Encode - Show Diff Threat
@ Statistic - Get Some Insight
.‘.Il Notification - To Understand Threat




SAMSUNG

THANK YOU

Presenter: Lo Kok Kit (20547224)
Ref Link: https://threatmap.checkpoint.com/

Scan Me And
Have Fun



Vis #41

https://youtu.be/cCviCAQiU7w



https://youtu.be/cCvjCAQiU7w

. Top Data Visua

ation

Name : LU Jinjing
ID : 20616996




The new Republican
center VIt

* From ‘vehemently oppose’ to ‘a
Il in’: explore the universe of R
epublican positions on Donald
Trump.



https://www.theguardian.com/us-news/ng-interactive/2016/may/14/who-supports-donald-trump-the-new-republican-center-of-gravity
https://www.theguardian.com/us-news/ng-interactive/2016/may/14/who-supports-donald-trump-the-new-republican-center-of-gravity

DATA

use colors, length (in chart) and positions (in ‘universe’)

Here'swhat 351 Republicans ~ from  acrossthecountry ~  havesaid

about whether they will support Donald Trump:




* Use a simple but hilarious way to coi
te data visualization

* Closely fitting to the reality

* Collect the attitude of each Republice
nd make classification, also indicate
number of Republicans in different o
ons

4 s 4 -
" ,'._-:ft Vot
- : ' ® .
- - <
- AE '.
> '.s : ".q.
5. £ .
g
'Q .
is - '
LW X
L C s P .
¥ e — N ~
i .’&(r.-:'_" g?’ - i
Ky ;‘ N o . » -
Ry, Tl D I |
g A T '1‘.‘- . "
-, - ,\‘i‘ ;‘ . € T ".“‘-.).. ) N5
"&" _— vy Y o "”I:ﬁ‘ /"a 1 \A‘ "‘;‘ -
. = - \ . ‘_}—.. | - "~ - o]
" -‘” - ">! ?1'*~'."’1 - ’ -
- a™
1A ¥ ) ~
o







Vis #42

https://youtu.be/5JI12uy-h7E8



https://youtu.be/5Jl2uy-h7E8
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https://www.behance.net/gallery/81688575/Space-Junk-BBC-Science-Focus
https://www.behance.net/gallery/81688575/Space-Junk-BBC-Science-Focus
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Average distance
from Earth
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Vis #43

https://youtu.be/-WspUbqbfy8



https://youtu.be/-WspUbqbfy8

Ngal Yat Shing

Picasso By Theme



“I do not seek. | find.”

— Pablo Picasso



ANALYZING PICASSO USING PICASSO TECHNIQUES

Handmade Data Visualization (oil on canvas, 36 x 60 inches).
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Marks and Channel
@® Areas

@® Color Hue & Color Saturation
@® Position

@® Shape

@® Size



Encoding Scheme

® Group of 12 major themes and subcategories
O -Spatial region, Position, Color Hue and Shape
® The number of artworks on that theme
O The 2D size of the area of each category
® Theme of subcategories
O Shape
O Color Saturation



The artist used Picasso’s own
technique to enrich the
information in the
visualization.

Allow the audience to feel the
curves, lines, color, used

shape, technique, painting e (T A/ oomo
material and even texture of i 7 seatED womaN,sis

painting to really sensation &

the beauty and charm of the  CNGEE I iy

artist. o AAENGT

! PIERROT, 83




Thank you



Vis #44

https://youtu.be/d780K0k1ypk



https://youtu.be/d780K0k1ypk




Static Content Display & Infographics

https://www.pinterest.com/pin/22306960627007505/
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https://www.sutori.com/story/jazz-history-timeline--GzKbdAMmfAgv4cdTxHScCWeK
https://www.pinterest.se/pin/2955555979187568/
https://www.pinterest.com/pin/22306960627007505/
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artist: Dr Don Shirle
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The Music Map Details on Demand

; detail_s of 2




Details on Demand
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oogle.com/bigpicture/music
i.com/story/jazz-history-timeline--
cdTxHScCWeK

ohn Coltrane


https://musicmap.info/

artist: Frank Sinatr:



VIS #45

https://www.youtube.com/watch?v=kC2YmCLESDM



https://www.youtube.com/watch?v=kC2YmCLESDM

MSBD5005 TOP
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Madoskd ard Ohidror's Heolth

Socel Seaurty
Socw Securty




US Office of Management and Budget (2016)

*Provides the insight of whole country’s budget in just few
squares.

‘A simple treemap that explains where each dollar is spent.
( Data focused)

*Caters to larger audience base.(Not specific to govt. or
finance analysts).

‘Uses sufficient contrast between the colors to differentiate
the categories.

Source :


https://obamawhitehouse.archives.gov/

Vis #46

https://www.youtube.com/watch?v=-Xfw7tjJiXs



https://www.youtube.com/watch?v=-Xfw7tjJiXs

HISTORY OF OCK
(IN 100 SONGS)
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Vis #47

https://drive.google.com/file/d/1IrkkTw350SKmf-
CB70JgB3jgf8102F3Q/view?usp=sharing



https://drive.google.com/file/d/1IrkkTw35OSKmf-CB7OJqB3jqf81O2F3Q/view?usp=sharing

Global Trade

Kabir Rajput

20560795




High Level
View




TO p PO i n tS One primary action per screen




Things to O\

Improve

OVERVIEW FIRST -> ZOOM AND COLOUR SCHEME
FILTER -> DETAILS ON DEMAND




https://www.visualcapitalist.com/interactive-mapping-flow-

International-trade/



https://www.visualcapitalist.com/interactive-mapping-flow-international-trade/
https://www.visualcapitalist.com/interactive-mapping-flow-international-trade/

VIS #438

https://youtu.be/9R035DMCB10



https://youtu.be/9Ro35DMCB1o

TOPVIZ C MPETITION
A JOURNEY THROUGH EVERY BILLBOARD TOP 5 HIT

top5

boar

billboard

Céline OSIE
20666812



The Pudding

A Journey Through Every Billboard Top 5 Hit »
to Find Music's Greatest Era 1960
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Change
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https://pudding.cool/projects/music-history/

This viz Is the best ecause...

... it respects Shneiderman’s mantra
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The Pudding

A Journey Through Every Billboard Top 5 Hit
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The Pudding

2 28.'07

Jun 30,07

DETAILS ON'DEMAND
-

Umbrella, Rihanna
Now Pupeg
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This viz Is the best ecause...

... It respects Shneiderman’s mantra

.. the content is simple yet accurate & consistent

.. the form provides an immediate understanding thanks to
o 2 senses (hearing & vision)
o harmonious use of colors and shapes
o user-friendly tools (play & mute buttons, time slider)



Thank you f r your attention  vote for me !

BAETIRE !



Vis #49

https://youtu.be/9kLL-Pk vk



https://youtu.be/9kLL-Pk__vk

MSBD5005

Derek Seow



A 90-Year Human Life in Weeks

Week of the Year >

THE TAIL END

Age

* Map out the human lifespan

* Assumption: Average life expectancy is 90 years v
old

DATA VISUALIZATION

* Horizontally: Each square represents a week
* Vertically: Each square represents a year

waithutwhy com



The Life of a Typical American

Week of the Year ———>

1 10 s 0 Eed 0 = “

ADDING PERSPECTIVE ...

——Career

Average Lite
Expeciancy

waltbutwhy com
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id-60s

Irm

Parents are in the
Until the age of 18, you see them almost every

day

In this example

Now, on average you see your parents 10

days/year

Assume they live for another 30 years ~ 300 days




Vis #50

https://www.youtube.com/watch?v= DRA8GOou3E



https://www.youtube.com/watch?v=_DRA8G0ou3E

NBA Players
Data Visualization

Shen, Shaohong 20655796

Buckets.
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User-friendly Interface: Distance
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User-friendly Interface: Choose Opponent Teams




Point & Field Rate Distribution
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The Whole League Data
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Vis #51

https://www.youtube.com/watch?v=fECRMbZv6AI



https://www.youtube.com/watch?v=fECRMbZv6AI

MSBD 5005
TOP VIS COMPETITION

A BRIEF
HISTORY OF
CO2
EMISSIONS

YUMI SHIN (YSHINAA)






[Back Up - 1]




[Back Up - 2]

jusa S S

1370800 S TR @
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RESOURCES:

A film by the University of
Applied Sciences Potsdam

(FHP) and the Potsdam
Institute for Climate Impact
Research (PIK)

https://www.youtube.com/wa
tch?v=EQ7S0D1liucY



https://www.youtube.com/watch?v=EQ7S0D1iucY
https://www.youtube.com/watch?v=EQ7S0D1iucY

Vis #52

https://youtu.be/HkwEsXurPGo



https://youtu.be/HkwEsXurPGo

SU
Ran






T2

COLOP CLUSTERS

Th St o 4D Paglans Loww maie
e yoget ros !0 mee tuon

B e I o
AWy W el S ae N e

OO

O

e e of B i v e s T
TGN O TN COWY mage Nt 4
raprrvd m N

M Vet e St e AT
M g o PN

| A AN W A7 TR AN




Clas el ety Ceye t—~——— T Ve Unenwie
T man arwrw we o g e —_— e e
v P e e e et w8 ew L B
 Seteenas b aamert e (g i =
R I S P S - S e~
e lama e e ! Bmer e TN e s Nawe -
e e Tt ity " e

A Bt 7 ™ Oue L b T - L BBt o T D
L S et A AR L T Boaod et

* Sy U L R E
Lower vow v wva .. e e B -—— e e e
et Lm0 Y s L Ve o e’ o e -
- fpme LR e

2w ¥ L hedeon e v Lwh heden e e e, o
" mtw e ¥ s " b Ve T .

.-—-ow
Cow 0 =

A BT gy B po—
R e




c\wacters are on the %

et oy
\0939 nich characters aPpe > e,
& e ng e
S A %
N2 %o
$ “ O
mation ap, b . ‘
o ‘\(\\0‘ ut A group of circles
A & o %, reveal the main colors
5 y $ . present in thochaptﬂ’s
5 L / Hover for coverart
information about
@ Exchpilis connections :
R chopter between the main
| characters
Q) ' The size of an arc :
oy . represents the number of
A chapters that character
2 O appears in :
© Thedottedline
* o ™ outlines the chapters
o °°-.. Mlomavolumo 7PN
‘_‘ 0...... : P
.'000 ' ' @










Vis #53

https://youtu.be/vgnXS4pUkao



https://youtu.be/vqnXS4pUkao

Tang Huimin
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Graph encoding

» 3D Layouts + interactive

* Nodes: characters (use profile pictures)
* Links: relationships between characters

Color encoding
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Vis #54

https://youtu.be/eE2xdVK4oDw



https://youtu.be/eE2xdVK4oDw

An Ode to Cardcaptor Sakura

TONG Ka Kiu Cathy
SID: 20671611
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VIS #55

https://youtu.be/fe7yyzfPe4c



https://youtu.be/fe7yyzfPe4c

Visualization of
Global economic relations

Wang Changmin
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THANK YOU FOR WATCHING




Vis #56

https://youtu.be/rQ45QWieVvg



https://youtu.be/rQ45QWieVvg

Wind sWords

An Interactive Game of Thrones Data
visualization

Using data from script dialogue

Analyze and visualize characters’ words from the first six
seasons of HBO’'s Game of Throne




1 Dialogue
Contents 2 Vocabulary

3 Sentiment




”"” @ Wined & Woeds —
PP tie B

N

1

DIALOGUE






o Nind A Nends

Want, Father, Give,

Leave;Dead

VOCABUNARY



SENTIMENT

Buble size: count of

character

Positive
Negative

[=]
00. J..o ®e

Dialogue of this
character



Thank You




Vis #57/

https://youtu.be/BYEa iLHKeo



https://youtu.be/BYEa_iLHKeo
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The Encoding
Scheme

Marks: Areas

Channels:
-- Angles

-- Length (Radius)
-- Hue (Color)
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Thanks for

Watching




Vis #58

https://youtu.be/7kdIKSAIKOCc



https://youtu.be/7kdlKSAlKOc

Top Vis Competition

WANG YUXIANG

2019-11-09 5005



Exploring Babies’
Born Time
https://www.informationisbeautifulaw

ards.com/showcase/2100-why-are-so-ma
ny-babies-born-around-8-00-a-m

— Sumaner Son —

2019-11-09 S A\ S 5005

Dot 40 et e



https://www.informationisbeautifulawards.com/showcase/2100-why-are-so-many-babies-born-around-8-00-a-m
https://www.informationisbeautifulawards.com/showcase/2100-why-are-so-many-babies-born-around-8-00-a-m
https://www.informationisbeautifulawards.com/showcase/2100-why-are-so-many-babies-born-around-8-00-a-m

Details

The yellow line
represents the NP o oer minute
average number

More than average

@)
WO\ oy
s‘\ 0
q}\o Ewer 25% more
S
S
8 Fewer than average
)
"6% Zero babies born
«» (center point)
v/sq
“Uny opesond

2019-11-09

;

“0 'y = 4 A '.;.
I -

The Average
7.3 babies born
per minute
Bables
Eat First +0 Born by Minute

More births of all types
occur nght after lunch

Day Shift
Births peak around 8 AM,,
then rise again between noon
and 1 PM. Hospitals typically
have more doctors and nurses
on hand during the morming
and fewer later in the day. S
The morning
peak is driven by
planned C-sections

Babies born by minute in one day

‘ 5005



The Average

447 babies born
per hour

‘»10,]('() -
500 per hoyy

Fewest Births
Sunday night between
2and 3 AM

Babies born by
Midday Special hour in one week

On a typical Tuesday,
770 babies are borm
fromnoonto 1 PM

Babies
Born by Hour

day

Early Riser

More babses than average
are born on weekdays
during dayhight hours. Fewer
are born on weekends or at
night, primarily because fewer
hospital staffers are on duty,
s0 women tend not to schedule
folklore, a full moon has no effect.

Saur

2019-11-09

5005




The Average

77,000 babies born
per week

No, Thanks oo 90000 per weey
S .
Moms do not schedule v - .

S e e 1 % Babies born by
C-sections around 7, X
Thenkegiving A | 60,000 % week in one year
Happy Holidays h Z'

Babies seem to a
arnve niné months .
after Christmas and X

el 3 Babies

New Year's Eve

Born by Week

Summer Son
Evidently, more people > >
have sex during colder . -~ "
months, leading to more births R
nine months later from July ,
through October, and less sex - N
during warmer months. AN(

5005

2019-11-09




THANK YOU FOR WATCHING!

2019-11-09 5005



Vis #59

https://youtu.be/feAEF-vwOOA



https://youtu.be/feAEF-vvOOA




OUTLINE

Background

Visual Design

References




Y ocrgroun




Visual Design A

Geometry map
Point color e Y : w
N bocdor * Unappealing cities
Point quantity \ s E,‘;"J“?#"'é":?éf,i:f,':":m’“ . i iti
| , Co,m rr,;g_om S the Attractive cities
Trajectory pattern 3 ey + Balance happens
* Spatial

* Reasons behind
* Temporal

Text & Explanation

<1991 Q 1992

we=More from Moves botween East we=More from
Waest to East and West, w/o Berlin East to West




Visual Design

Ludwigsiust-
Parchim -
A Many refugeas were
registered in o
~1n 2001, emigration re-ch.é\ £ Germany'in 2016 and then
“a new high, In the northeast, * > A moved to western German
emigration is even-fore. ¥’
intensa than it was shortlya<..
after reunificationy,

mp——EA o
o "

3

For the first time in many
years, Leipzig n2010 ° -
attracted more b’oop!o,lrdm,,t
the West thanitTost.

Tn Y

= More from

Eastto W = More

Insight of four Western Cities Refugee origin East/West balance



£) Retorences |
e


https://www.pinterest.com/pin/361062095100124654/?lp=true
https://www.zeit.de/politik/deutschland/2019-05/east-west-exodus-migration-east-germany-demography
https://www.zeit.de/politik/deutschland/2019-05/east-west-exodus-migration-east-germany-demography




Vis #60

https://v.youku.com/v show/id XNDQzNTcyMjA2NA==.html|?spm=a2h3

1.8428770.3416059.1



https://v.youku.com/v_show/id_XNDQzNTcyMjA2NA==.html?spm=a2h3j.8428770.3416059.1

The Rhythm of Food

by Google News Lab and Truth & Beauty explore -
4

Speaker: W%hiwei -




01

02

/01 General Introduction

Data

Weekly google trends data for
hundreds of fruit
Discrete-time data

Task

Trying to figure out how the
preferences of the food are
changing.

Insight

Each vegetable, fruit, dish or drink
has its own signature seasonal
pattern, they are associated with
season, special festivals, and so on




/02 Perception and Color

o Tap

to play




/03  Multivariate and Discrete-time Series Encoding

e Search volume .

The search volume is encoded as
the size of the arc.

* Year

Each year is
represented by a color

* Month

The month is encoded
as twelve hours in the
clock

* Week

The entire ring is evenly divided
into 52 small segments, representing
52 weeks of the year.



/04 Insight Provided

Somes are evenly
Some items fade in and out of a natural season distributed around the year

28

Some can clearly see that the
search volume is decreasing
year by year.

4"







Vis #61

https://www.youtube.com/watch?v=flz7zAVnefk



https://www.youtube.com/watch?v=fIz7zAVnefk

Zhiwen Wu



N\ ToP V|s ‘Competition:

Top 100 Web5|te in the

Source I R

httDs /wavwwsualcapltallst com/wo content/uploads/2019/08/top-100-websites-ranking.htm

Zhiwen
Wu



https://www.visualcapitalist.com/wp-content/uploads/2019/08/top-100-websites-ranking.html

TOP 100 WEBSITES ™™ (8]




TOP 100 WEBSITES ™™ (8]

URL =2

‘Encoding Scheme:

T




TOP 100 WEBSITES™ ™ o




TOP 100 WEBSITES ™™ (8]

=5 = g - @Qegﬁ;}‘ = B n |
T LN ' Varied Messages:

Rakuten is the
L5 Tl biggest e-commerce

website in Japan.

JAPAN

RAMUTEN.CO. 2P

Desktop vs Moblke

Percentage of (-
Sesiop trafic Vi

wmmcom §) 77%

TR COM .!'Fux 76%

Percencage of ||
mobeie trafic | 7

AMPPROINCT ONG ° 100%
wen #£8 100%
sy uﬂ“ 9%




-Adva.ntages:

2& ngh i
readablllty(lnturtlve)

3 Eﬁiolent |mplementat|on

4. ngh mformatlon gain



Vis #62

https://www.youtube.com/watch?v=hVBF-bvFRMk



https://www.youtube.com/watch?v=hVBF-bvFRMk

Women’'s Pockets are Inferior

XIE WEIYAN
https://pudding.cool/2018/08/pockets/



https://pudding.cool/2018/08/pockets/

....................................................................................

i Check out the average sizes for both

i and men .Our measurements confirmed what
i every woman already knows to be true: women’s
i pockets are ridiculous.

....................................................................................

Average Size

It creates an average pocket size
(displayed out for readers to see) for both
men’s and women’s jeans and compares
them in-depth.



Interactive Simulator

WOMEN MEN

------------------

- g0oB Il 60

iPhone X Samsung; Google Front Pen Woman'’s Man's

Galaxy | Pixel | Wallet Hand Hand

..................

5% | of women's pockets and 85% of men's pockets can fit this item.

A simulator to show how various

smartphones and items fit in the two
genders of pockets



All styles §

WOMEN'S

Al

1 brands

MEN'S

straght
7 FOR ALL MANKIND

/]

skinny sknny
ABERCROMBIE u ABERCROMBIE

Thorough List

sunny

7 FOR ALL MANKIND

\
\
\:
\
\

straght
ABERCROMBIE

It also has a thorough list of different
jeans for both genders and allows readers
to filter by price, brand, and style.



Some Interesting findings from the Visualization

* Only 40 percent of women’s front pockets can completely fit one of th
e three leading smartphone brands.

* Less than half of women'’s front pockets can fit a wallet specifically des
igned to fit in front pockets.

* And you can’t even cram an average woman’s hand beyond the knuckl
es into the majority of women’s front pockets.



Good Visualization
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| admire the creativity of this webpage because it perfectly presents an
topic- the difference between men’s and women’s pocket. T

he way they support their arguments with so many interesting, reader-f

riendly solid evidence really helps deliver an unbiased n

eWsS resource.



4

- o ® THANKS FOR WATCHING ® o -




Vis #63

https://youtu.be/XuvtipKOVKO



https://youtu.be/XuvtIpK0VK0

XU Wenjie



The daily routines of
famous creative
people

Xu Wenjie

https://podio.com/site/creative-routines


https://podio.com/site/creative-routines

Data source: insights from the book “Daily Rituals” by Mason Currey
color-coded bar chart format

A detailed reflection of the daily habits, rituals, pursuits, and priorities



It Is iInteractive

Summary

 combine reams of data into a single page

* uses color to easily distinguish trends

 allow the viewer to get a global sense of the data

* engage users by allowing them to interact with the piece
* simple to understand in a single glance



Vis #64

https://v.youku.com/v show/id XNDQzNTczNDIzMg==.htm|?spm=a2h3j
.8428770.3416059.1



https://v.youku.com/v_show/id_XNDQzNTczNDIzMg==.html?spm=a2h3j.8428770.3416059.1

XU Xiaohan



what people
follow on

twitter over
time.

ccocnescheme - EENOHE 0 ...

Height: Low Engagement High Engagement
number of clicks on Restmeengagementditon o

the topic

Width: w -ﬁ”{!

duration of the topic ‘;“-:

Hue: %

Saturation: LowEngugement _ Figh Engagement

Map for #education

Level of engagement
Source :http://twitter.github.io/interactive/sotu2014/#p5



http://twitter.github.io/interactive/sotu2014/%23p5

what people

follow on
twitter over
time.

10:40

#budget
#defense
#education
#energy
#fairness
#healthcare
#immigration
#jobs

#taxes

Real-time engagement distribution on
Twitter for this paragraph

I, P
=¥ A
pial

- l%!-%“

Low Engagement High Engagement
Map for #jobs

10:45

#budget
#defense
#education
#energy
#fairness
#healthcare
#immigration
#jobs

#taxes

Real-time engagement distribution on
Twitter for this paragraph

-[’ YL
Ao

' ' '
Low Engagement High Engagement
Map for #education

11:00

#budget
#defense
#education
#energy
#fairness
#healthcare
#immigratiol
#jobs
#taxes

T

Low Engagement High Engagement
Map for #healthcare




what people
follow on
twitter over
time.

Interactive

Map geographic
information

Intuitive
StreamGraph
Time series data
Trend

Overall aggregation

Source :http://twitter.github.io/interactive/sotu2014/#p5



http://twitter.github.io/interactive/sotu2014/%23p5

THANKS

XU Xiaohan




VIs #65

https://www.youtube.com/watch?v=kyMia4sRL9A



https://www.youtube.com/watch?v=kyMia4sRL9A

Picasso’s
Works

YANG Rongfeng - ryangag@connect.ust.hk
Top Vis Competition
November 9, 2019

https://www.nationalgeographic.com/magazine/2018/05/genius-picasso-art-categories-infographic/
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National Geographic - WE ANALYZED 8,000 OF PICASSO'S
WORKS
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1. ABSTRACT S.BODY 9. CIRCUS

2. FIGURE 6. OBJECT 10. MYTHOLOGY
3.STILLLIFE 7.LOCATION TL.LITERATURE
4. ROOM 8. THEATER  12. ANIMAL

The
Significan
t Features



Why
Impress?

O
M O O
Color Size Shape
Grain

What it Conveys

More that just data....
Picasso arts themes

Indivitual spirit on arts

ERSE ORI e e R SN RS S

RAM SKULL, 10 ¥

MONKEY, 34
Baboon and i A
Young (1951) 9  DOoG, 88
Dog and Cock (




Vis #H66

https://youtu.be/-vjilREY3JXQ



https://youtu.be/-vjIREY3JXQ

S ARER T

Universcale

Top Vis presentation
Yang YuXia




% ntent
Q Introduction and Analysis
Q Summary

|



Ol1l Introduction
and
Analysis




@

<< Introduction

UNIVERSCALE

From the nanoworid 1o the universe
The workds we medsure using our Infinite yardstics

7 Universcale lets people see and (\/) You can see the relative sizes of

understand the relative size of objects arranged on a single scale,
the full range of known objects and grasp the sizes of things that you
in our universe. cannot compare side by side in the

real world.



« ) Brief Analysis

Data Purpose

object : | .
- —~" DOrelative
Zliiteure SIZG

information(explanation

)

relative size



<y) how did it work

https://www.nikon.com/about/sp/universcale/scale.htm


https://www.nikon.com/about/sp/universcale/scale.htm




@

<) What can we learn

Q ® Purpose —— Relative scale
® Accuracy —— Different scale
® Intuitive —— Same scale




S ARER T

Thank




ViIs #H6/



2018 U.S. DEBT VISUALIZATION

Top vis competition
By Ye GuangXian(20644369)



Design:

Visualizing countries held the U.S. debt Internationally
VS U.S. held which countries’ debt Internationally

© ©

COLOR ENCODE FLOW
GEOGRAPHIC MAP DIRECTION IMBALANCE LINE ENCODE THE

RELATIONSHIP BTW
COUNTRIES

SIZE ENCODE AMOUNT OF
DEBT



DEBTS OWED TO VS DEBTS OWED BY THE US.

Vet Tanoertres Doee e U S Owe Morwr s ol WSty Tt O e \J

777 7 /

By B RV BT R B R S N BRC e R R s B RN B A A SE S A St BT B

— PR S ——



Top vis competition
By Ye GuangXian(20644369)




Vis #638

https://youtu.be/ka06qClgg2Q



https://youtu.be/ka06qCIgq2Q

The Wizards shooting star
S

Yuan Chenge
20678255



2013 Wizards' shots

3.177 hedd podsls made

0.5920 attampees

45 9%

FXPLORE THE 2054 VWASH

o (BT W08 SN e
g i WV e e v Qe (i W m
(MR (77T ETTR MR (7T,
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Shot chart
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distnibution :
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Shooting percentage

by varying distances
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SHOoLs came from the
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http://www.washingtonpost.com/wp-srv/special/sports/wizards-shooting-stars

[


http://www.washingtonpost.com/wp-srv/special/sports/wizards-shooting-stars/
http://www.washingtonpost.com/wp-srv/special/sports/wizards-shooting-stars/

Thanks



Vis #6959

https://www.youtube.com/watch?v=heZQjTkeW g



https://www.youtube.com/watch?v=heZQjTkeW_g

Me Too Risin

Top Vis Competition Presenta_tiqn_._ NG Cheng

Togtese



What would happen if one woman told the truth
about her life?
The workd would split open.

- Muriel Rukeyser, “Kathe Kollwitz”



Me Too Rising « bt e

O vt aolwr o Pe et Vs wege Vwde

Not only the top searching cities, you can a
click the lighting point on the map to get more ,

e L]

information about other cities. & =« Allendale Charte..
\ ,;;’?l_’grtsmouth
f Mansfield
« Kumasi
At‘scocnta
: /'

You can choose a certain year to see the global
searching trend and you can easily find overall trend of
searching volume.




Me Too Rising <

B Vet 108w o e et e g reman

It is quite obviously to see
countries suffered from th
seriously. :




'

0 tecn 0 pore

Allendale Charter Township,
United States

1 lee~s reete Yu tedoy
-

> * * Allendale Charter Township
* * Allendale, Allendale Charter Township 2019 (wit...

. "*Agnes Allen | Revolvy

R i Lt T e ®e'w ~ A e dse | o= ‘ma~at )

“You can also choose a certain time to see
the different search result in this city.




Thanks for watching.


https://metoorising.withgoogle.com/

Vis #/0

https://youtu.be/OtMal1TgyCA



https://youtu.be/OtMaJ1TgyCA

Zhang Danping




Game of Thrones Recap

THE GREATEST
VISUALIZATION

REPORTED BY : ZHANG
DANPING



Lines by Major Characters

Sca on6Rec AP This cha
- -7 ‘)K\l)l

GAMEOFHRQIDNES

e B
| WAl TR

I wnn .
VT UL MUY YDy |
| B (i |01/ N |
LTI O |
| [N (i

This 1s the full
view of the
iInteractive chart,
which shows the
number of
scripted lines by
character,
episode, and siqil
(color) for season

tableau com/gh-cn/qallery/
- \T|ew?qallerv +=feat

_— = : Thrones. e


https://public.tableau.com/zh-cn/gallery/game-thrones-season-6-review?gallery=featured
https://public.tableau.com/zh-cn/gallery/game-thrones-season-6-review?gallery=featured
https://public.tableau.com/zh-cn/gallery/game-thrones-season-6-review?gallery=featured

See some
® (FAME®|HRONES

Season 6 Recap This chart shows the number of - Lines by Major Characters
scripted lines by character, episode, and sigil (color) for Tyrion
season 6 of Game of Thrones. Tyrion had the most lines .

and was the most featured character in 4 episodes. Cersei . .
was the most featured character in the first and last episode. Tyrion Lannister
Lannisters were the most featured character in 7 episodes. '

m Stark Greyjoy Targaryen  Tyrell

E fFE WNE &

des. Cersei

d last episode. Yara
in 7 episodes. Margaery
1 Tyrell Theon

Arya




See some
ol GAMEoF [HRONES

Season 6 Recap This chart shows the number of
scripted lines by character, episode, and sigil (color) for
season 6 of Game of Thrones. Tyrion had the most line
and was the most featured character in 4 episodes. Cer
was the most featured character in the first and last epi:
Lannisters were the most featured character in 7 epis

Lannister Stark Greyjoy m Tyrell

Episodes

Lines by Major Characters

yrion

red character in 4 episodes. Cersei
character in the first and last episode.
nost featured character in 7 episodes.

‘ Targaryen

Cersei
Daenerys BRI
Yara
Margaery
Theon
Arya




See some
d eta i | S G A ME OF HR(HD N E S Mln.‘im by Major Characters

Jaime

Season 6 Recap This chart shows the number of Sansa

scripted lines by character, episode, and sigil (color) for e
season 6 of Game of Thrones. Tyrion had the most lines [ Cersei_ |

and was the most featured character in 4 episodes. Cersei Desnares

the first and last episode. o

d character in 7 episodes.  Margaery

y  Targaryen  Tyrell Theon

Arya

Cersei Lannister Episode 1




See some
d e t a i | S GAME G)m T,nj,jm by Major Characters

Jaime [
Season 6 Recap This chart shows the number of Sansa
scripted lines by character, episode, and sigil (color) for Jon Snow I
season 6 of Game of Thrones. Tyrion had the most lines Cersei I
and was the most featured character in 4 episodes. Cersei Dacnerys
was the most featured character in the first and last episode. Yara
Lannisters were the most featured character in 7 episodes. Margaery [N
Lannister Stark Greyjoy  Targaryen Tyrell Theon N
! Arya —1

U LREH LU Il




See some
d e t a i | S GAME OF H R(HDN E S “n::“&'i by Major Characters

Jaime
Season 6 Recap This chart shows the number of Sansa

scripted lines by character, episode, and sigil (color) for e ey
season 6 of Game of Thrones. Tyrion had the most lines

Cersel

and was the most featured character in 4 episodes. Cersei [ Daenerys |

was the most featured character in the first and last episode. Yara

Lannisters were the most featured character in 7 episodes. Margaery
Lannister Stark Greyjoy aryen Theon

Arya

Scene Rccap Daenerys is presented
to Khal Moro, who has taken her prisoner.
Episodes Morco initially wishes (o rape her, but treats
ber with respect after Daenerys explains
that she was Khal Drogo’s wife. Dacnerys
asks Moro to escort her back to Meereen,
but he refuses to let her leave, as widows of
Khals svast live out their Bves i Vaes

Daenerys Targaryen lssos




Thank you for listening.

THE GREATEST
VISUALIZATION

REPORTED BY : ZHANG
DANPING



Vis#/1

https://www.youtube.com/watch?v= IMU ndplLVk



https://www.youtube.com/watch?v=_lMU_ndpLVk

A DAY IN THE LIFE OF
AMERICANS

ZHANG GUANNAN




Religion

Sports Volunteering
Leisure ‘ Phone Calls
Pro. Care Services roi%:? k*-\\ Misc.
Shopping | : Sleeping
Non-Household Care : ' Fi; ”aPersonal Care

Household Care ==X Eating & Drinking

Housework Education
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https://flowingdata.com/2015/12/15/a-day-in-the-life-of-americans/
https://flowingdata.com/2015/12/15/a-day-in-the-life-of-americans/

VIS #72

https://youtu.be/UoMX3tgBQkA



https://youtu.be/UoMX3tgBQkA

3D Map of London Air Quality

An Impressive Data Visualization in Interactive Mapping

Student Name: ZHANG MENGYAO
Student ID: 20619259




SOURCE OF CASE

INTERFACE OVERVIEW

ENCODING SCHEME

IMPRESSIVE POINTS



SOURCE OF CA
SE

p a r a I | e L https://parallel.co.uk/

A design-led web application specializing in
interactive mapping and data visualization.

Project: LONDON ATMOSPHERIC EMISSIONS
INVENTORY 2013



https://parallel.co.uk/

INTERFACE OVERVIE
W

LONDON ATHOSYE
FARESONS INVENTOWT o

B © e |04 CowOm 1 Lontes Ouesire | Bmee

https://parallel.co.uk/3D/laei-no2/#13.27/51.47176/-0.4615/64/60



https://parallel.co.uk/3D/laei-no2/

ENCODING SCHE

Adding actual data
to real city map
does a better job.
e.g. The pollution
alongside roads are
generally more
serious than the
other places.

Only 3D areas above 40pg/m? limit

Use the spectrum
approximation to
represent different
level of air
pollution.
Less polluted:
blue/green...
(health, relax,
environment,
harmony...)
More polluted:
yellow/orange/red/p
urple...(dangers,
warnings, anxiety,
disaster...).

The higher a 3D
cube is, the more
serious the airin
that spot has been
polluted.




ENCODING SCHE

ME
| A o ' Dartford
S b | : Cross River
Boad
rHeat“hro
i g Y.
RO Hammers
mith

Flyover




IMPRESSIVE POINTS — 3D

2D: can not reflect changes and concentration of various pollutants in the city.

3D: pollution levels are represented by the height and color of 3D “buildings”
on map.

From a bird's eye view, we can see clearly which parts are more polluted, with a
strong visual impact and a sense of pressure from the closer distance and
warmer colors.

The end of the The junction between the river and The intersection of the
runway at Heathrow the road on the Dartford Cross River Hammersmith Flyover
Airport 7 ~ Road




IMPRESSIVE POINTS - Threshold
@® Only 3D areas above 40pg/m? limit

All areas are Only 3D areas above 40ug/m3
displayed limit

Setting an AQG as 40 milligrams per liter, as the pollution levels
above it are harmful and worthy noticing.



IMPRESSIVE POINTS - Interactive

Hyto
Davtbord Coossing Move to some typical

Hamemarsasth Fhypones locations
Hoofrow

O wse B soewch panol botow o

Quachly focus o map on » spociic

OCHOon

Search other places of

Pubicason My 209,
ata oy N e L st g

.

Zoom-in & zoom-out,

Controt: wso the scroliwheol 1o oo, drag/move, rotate & pitch,
::‘ or confrol cick o coliie andd find my location







Vis #/3

https://youtu.be/z)Jd8wArArOIl



https://youtu.be/zJd8wArArOI

ZHANG XUEYAN



N

Let the Music Play

This visualization shows all songs
from the TOP 2000 of 2017 according
to their release years.

Encoding:

Position in the Top 2000

Created by

Data from



https://twitter.com/NadiehBremer
http://www.visualcinnamon.com/
http://www.nporadio2.nl/top2000

o When hovering(or clicking on the

disk) , all the songs of the artist will

be highlighted and connected by a
When the song happens to be a

collaboration between two artists,
you’'ll see multiple lines, one for each




Vis #/74

https://youtu.be/6WKFXE6-9pA



https://youtu.be/6WkFXE6-9pA

Zhang Ying



When people (
look for

What is thing they prize most highly?

A new 20-country YouGov international study examines which attributes

O

people most prioritise in a partner. The resulits are gocd news for the
A romantics, as across the planet personality is prized ahead of looks

1 =« Most important 6 = Less Important

Top Vis Competition

ZHANG Ying
20619302

Ref: https://www.makeovermonday.co.uk


https://www.makeovermonday.co.uk/

What We Say We Look For In a

Partner
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Encoding Scheme
Mark:

° QOintSI men/women from a

country;
Channels:
* position: degree of importance

* color: six different factors;

* shape: the gender.

Reasons

* 45 degrees scatter plot and 3
directions;
* annotations: key words in

sentences;

* detail: tooltips and specify

categories.

htrnc-//niithlic fahlaai com/Ariawe /\Whar\WaSav\Nal nolEar/\Whar\WaSaviNal onlEoarinaPartner?'embead—v& AdAienlayy corint—=vac?:ch


https://public.tableau.com/views/WhatWeSayWeLookFor/WhatWeSayWeLookForInaPartner?:embed=y&:display_count=yes?:showVizHome=no
https://public.tableau.com/views/WhatWeSayWeLookFor/WhatWeSayWeLookForInaPartner?:embed=y&:display_count=yes?:showVizHome=no

What We Say We Look For In a
Partner
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VIS #/5

https://youtu.be/9JC1c0Q7ib8



https://youtu.be/9JC1c0Q7ib8

ZHAO Hanrong



Visualizing Healthcare

Spending by Country - iman
Gosh

MSBD 5005 Top Vis Competition

ZHAO Hanrong 20617184

09/11/2019

https://www.visualcapitalist.com/how-much-do-oecd-countries-spend-on-healthcare/



https://www.visualcapitalist.com/how-much-do-oecd-countries-spend-on-healthcare/

Overview

- Main task: Compare healthcare spending among OECD
countries.



Rules of Thumb

- 2D plot - avoid

over hue; S
- Follow eyes

beat memory;




Color

United States <«

Not chosen

Average -«

Chosen -



Color(Cont’d)

- Popout
effect -
compare

Intuitively




Tufte Design Principle

- Similar
staring S
point;
- One
dimension
to represent l
one
dimentsion.



Time Series Data

- Line graph

- observe - ———

variance
of country

annually. =——————

E—




Summarize

Over hue

Dimension reduction
Eyes beat memory
Harmonious color comb
Popout effect

Same starting point

1D - 1D

N NS N N N N S\ X

Time series data - line
graph



VIS #/6

https://youtu.be/pYWToGR7p7E



https://youtu.be/pYwToGR7p7E
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MARVEL UNIVERSE Visualization MARVEL STUDIOS

« CHARACTERS MOVIES Q

[ ALL CHARACTERS ) [ HERO || AVENGERS | [ SHELD ) [ ArMy VILLAIN HYDRA TEN RINGS AN RAVAGERS || NOWACORP || BLACX ORDER

The characters and stories are
complex in marvel movies.

‘ S TRTIN  T. , This visualization is a fun way to
ka,,t‘ TN WD . | understand relationship between
' characters and movies inside the
Marvel Multi-Universe.

FRIEND ENENY CREATION FANILY
WORX POMANCE ALTER EGO




Dataset && Attribute MARVEL STUDIOS

« CHARACTERS MOVIES Q

' Pp—"
( ALL CHARACTERS ) [ HERO | AvENGERS ([ SHELD ) Arsty ) [ wiLAm [ wvora ) [ TEN BNGS ) [ A ) [ RavacErs ) ([ nova corp ) [ BLACK ORDER ) [ STA)
Y

Dataset type: Networks
Attribute types: Circle && line

Every circle in the map represents
a character, and the lines between
them imply they have some
relationship.

FRIEND ENENY CREATION FANILY

WORX ROMANCE ALTER EGO




Marks && Channels MARVEL STUDIOS

« CHARACTERS MOVIES Q

CALL CHARACTERS | HERD AVENGERS SHELD ARMY VILLAN HYDRA TEN BNGS AN RAVAGERS NOVA CORP BLACK ORDER

Marks type: the lines of different
length

Channels types: the color used in
the line; the location of the circle

Eg: Green implies friends, purple
implies enemy, blue implies
creation.

The longer the lines are, the far
away relationship the characters
are.

FRIEND ENENY CREATION FANILY

WORX ROMANCE ALTER EGO




Marks && Channels MARVEL STUDIOS

< CHARACTERS MOVE o

ALL CHARACTERS

e i @
e N
o® &y d1p
“ - 3 Q
m,‘v; ot 0 J
- L SRy !
T o> - "'}:‘ Tony Stark
S e - Y *. o ;. 4 - - Full name: Anthony Edward "Tony" Stark
p . : = e\ > o ® 2 Alias: Iron Man
Pt 4 (3] “w :. . » o A o : > . v Species: Human
n': AN \ ~ == ‘f - .nh' 9 .-. " - P, m Status: NI
‘, ) q >:‘;‘_’—£‘.or - ° - ..“" ; .n‘.‘ :"’ -9 -* - Played by: Robert Downey Jr
- e . - — ——. 3 P ™
"o 0.; ! P ““ - z'n_'d‘. ‘13".'.. * e ®
o “" o X /&
R\ Every character has a brief
o« Hofvr biography, and if you click
> on it, it will give you some
4 ' details about the character.
FRIEND ENEMY CREATION  FAMILY
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viewing
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MARVEL STUDIOS



Vis#//

https://youtu.be/zwEmGGItIQc



https://youtu.be/zwEmGGItIQc

Which Networks
UsSe | vienxiuzrao

Which Words
Most”?




Channeb
shape
size
position
color
Saturation

Which networks use
which words the
most?

@ ANDERSON
@ LESTER
@ TUCKER

POWER

CHANNEL NUM.USES

FOX 2,330
MSNBC 2,591
CNN 3,086

USEDLESS e

USED MORE ‘







Which networks use
which words the
most?

USED MORE

North Korea

Coverage of North Korea’s development of
nuclear-capable missiles has been covered

about equally by the three networks.

KOREA KIM NUCLEAR ICBM LAUNCH

ROCKET




Which networks use
which words the
most?

Explore

Filter the chart or search for a word Hiks

ramp® or “aenily”

FILTER BY NUM. OCCCURRENCES

FIND A WORD

CNN

NSNBC

TRUNP

CHANNEL NUM USES

O



Explore

Filter the chart or search for 2 word like

“Trump”® or "antifa®

FILTER BY NUM., OCCURRENCES




N I~




Vis #/8

https://www.youtube.com/watch?v=ec-q093dJ3c



https://www.youtube.com/watch?v=ec-qO93dJ3c

Data
Vlsgallzatlon

How China's economic slowdown
could weigh on the rest of the world

Zhou Hanwen
20660105

https://www.theguardian.com/world/ng-interactive/2015/aug/26/china-economic-slowdown-world-imports


https://www.theguardian.com/world/ng-interactive/2015/aug/26/china-economic-slowdown-world-imports

A drop in China’s demand
could drag these countries down .

w I China’s imports
fall by -0.0%
was down 14.6%

N Awas

-e

‘e



A drop in China's demand
could drag these countries down ...

« if China's imports
fall by -15.0%

was Sown 14 .56%

20°% o0 average

LRl



Frame WOl

« I China's imports
fall by -30.0%
was down 14.0%

20°% o0 average

MO IEN e re e Masene
S0 aen o SLIMe AN o
o



Effects in different continents

Asia

The manufacturng secioes of
China, apam, South Korea and
Tatwan aoe intimately connected,
But Vietnam has boen bucking the
trend - 23 Chana bound exports

-~
havve beent resistant 10 decine, In -

some months actually Increasing
year-on-year,
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Effects in different continents

Europe

The UK, France and Italy are

relatively unaffected, although

xury exporters in all theee have

been fechng the pinch. Germany,

though, s surprismgly exposed, ~—
both for huxury cars and peecision ~y Somany ~—— §O M4 o~
machinery. Beigham's principal - Amanand ' -
exports 20 Chima are diamonds. 1




Effects in different continents

South America

The most exposed South
American country is Chile, which
exports copper. Eewhere the
main dividon is between
extractive mdustries in the Andes %o Clents Setve g - e

and agrcuural exports - -u - "
especially soya - from the 1. - -
southern cone.
@ o o ap<diae
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Effects in different continents

Middle East

Most of the reghon’s exports 1o
China are energy dused, inchading
uranices from Joedan. It is
posaible Saudi Arabes and Qata ~rt -
will fnd other buyers for theig oil 40 ta @) Setiny . . ~— -

s gas, but the China effect is -8 S ' 3 4 o
drwving down all commedity

prices, 5o even if there is a buyer it -
will be at 2 huge discount (mman
compared 10 last yean. Taxes on
commodity exports are expected
to plunge., heting already
stretched government budgets.
.
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Vis #/9

https://youtu.be/XcHVV3uiszM



https://youtu.be/XcHVV3uiszM

A Top Vis Competition A

SS SS

MSBD5005 : Data Visualization
ZHOU, Wen 20617964



DATA
¢ |PUMS

€ Attributes: Time series

TASK

¢ Simulation of immigration to
U.S. from 1830 to 2015 as a
set of tree rings

REASON
¢ Novelty

& [Effectiveness

Each ring
i

represents
one = |

decade. ;
Each single

dash &7
represents 10?,‘

Asia
Middle Oceani
East a
Latin - Canad
America a
Afric
a Europe

'{.' _‘,;: '.

immigrants. ,H"" \




1 anweigang 21 huangsikai 41 lujinjing 61 wuzhiwen

2 baskerronisha 22 huisiulun 42 masong 62 xieweiyan

3 caihaorui 23 huyifei 43 ngaiyatshing 63 xuwenjie

4 caoran 24 jinfenglei 44 ngchiping 64 xuxiaohan

5 chankasing 25 kwongkaming 45 pandasoonamkalyan 65 yangrongfeng
6 chanyikheinavie 26 laialanyuhsien 46 pruekwangkhaokasidit 66 yangyuxia

7 chenchen 27 laiwendi 47 rajputkabir 67 yeguangxian

8 chenmo 28 laukwanyuen 48 rosiercelinevirginie 68 yuanchenge

9 chenpengyao 29 leechiyin 49 seowderekyongway 69 zengcheng

10 chenruifeng 30 leiqinyi 50 shenshaohong 70 zhangdanping
11 cuiyaxin 31 leungwaihan 51 shinyumi 71 zhangguannan
12 dattashinjini 32 lijinjie 52 suran 72 zhangmengyao
13 fanjiahao 33 lingkaileong 53 tanghuimin 73 zhangxueyan
14 ganyuanlin 34 liuran 54 tongkakiucathy 74 zhangying

15 gaoyuanyuan 35 liuxuantong 55 wangchangmin 75 zhaohanrong
16 gardasnuthan 36 liuyunwen 56 wangmeiting 76 zhaowei

17 guyimeng 37 liyigao 57 wangxueying 77 zhaoyingxiu
18 guyu 38 liyuan 58 wangyuxiang 78 zhouhanwen
19 hongseoyoung 39 liyunli 59 wenhuiyang 79 zhouwen

20 huangmei 40 lokokkit 60 wuzhiwei Shaded means no videos




